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A Text Classification Method Based on Hybrid Probability Model

WU Xin-ling
(Institute of Computer Sciences, Guangdong Polytechnic Normal University, Guangzhou 510262, China)

Abstract: A hybrid probabilistic classification method was proposed based on the class. The méthod selects the main
features that can represent the essential characteristics of a class text independently for every class text. That is dif-
ferent class text will be expressed by different main features. Based on the main features of each class text, the
probability distribution model will be established respectively for every class text. Then the unknown class label text
can be classified by naive Bayesian method. The experiment results show that the proposed method is simple, effec-
tive and easy to implement.
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